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necrosis and immune cell presence). RESU LTS Figure 5: HLA-DR staining on resection samples post-treatment. In panels (A) and (B), the MPR sample exhibits variable
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The presenge of activated CD8+ T cells GeoMx Results E ion level Cell type Sample type is observed on macrophages and/or antigen-presenting cells (APCs) but not on tumor cells.
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StUdy the molecular mechanisms of resistance and response and looked for m,:_’; Figure 6: (A) Dynamic MHC Il (%) Changes in Different Response Groups (B) Post-Treatment MHC Il (%) Scores
biomarkers of response after the treatment. o Compared Across Response Groups (p < 0.005).
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- While tumor cells expressing MHC |l are relatively rare, they are not entirely
Spatial transcriptomics — GeoMx Digital Spatial Profiler (DSP) Relapse MPR unprecedented (2, 3). Prior exploratory studies utilizing bulk RNA sequencing (RNAseq)
Twelve paired biopsies, consisting of 3 pCR, 3 MPR, and 6 relapse samples, were Figure 3: Heatmap displaying the differential gene expression analysis between MPR and relapse post-treatment data have demonstrated that an MHC |l signature is associated with anti-tumor immunity
’ ’ ’ ’ tumor segments, based on t-test analysis. : DM :
collected. Morphology markers SYTO 13, PanCK (tumor), CD45, and CD3 were used for and can predict responses to anti-PD-L1 therapy in bladder cancer (4). However, these
region of interest (ROI) selection and segmentation of transcripts. A total of 200 ROls A - studies assumed that the upregulation of MHC Il genes was predominantly from
were collected across 23 samples. GeoMx DSP Data Analysis Suite and BioTuring Lens * immune cells. Our study advances beyond bulk analysis by employing an unbiased whole
were used for data analysis and visualization. SO0 B — transcriptome spatial approach to investigate dynamic changes following treatment.
O O GeoMx technology enabled the examination of MHC Il expression in both tumor cells
O O and immune cells separately, offering a more detailed understanding of the tumor
o CDST:‘;;;? " "” O O microenvironment and immune response post-treatment. Our findings were
oo ele ; GBS ssoe s O O corroborated by IHC on a larger cohort.
Relapse @ ° O O IFI30 ‘ Q
Tumor 17 HaaDoal () )l e 6 2 6 6 6 6 6 606 60 6060060060600 0060600000000 0 0000000600000 0000000000000 0000000000006 006006060606060000060000000e o
CD3+cells @ 15 crss O Q
Post-treatment . CD45+cells 3 HLA-DOB O O com ‘ ‘
PanCk- tu-r:'ln-osr: : HLA-DMA O O L Q Q REFERENCES
Tumor @ 0 O O wnoun o O 1. Powles et al., Nature medicine 2019: 1706-1714.
e ® et @ : i O O o o 2. Axelrod et al., Clin Cancer Res 2019: 2392-2402.
sl e . O O O O 3. Ohetal, 2020, Cell 181, 1612-1625.
Postreatmen () cD3+ cels @) 24 O O ® o 4. Yietal., Front. Cell Dev. Biol. 2022: 10:757137.
TLS e 3
HLA-DQB1 . Q STAT1 ‘ O
_ Tumor @ . T I e el B A S | B
. . CD3+ cells . = 18 HLA-DPBI Q Q JaK Q O
pCR @ CD3+ colls-@ 3 HLA-DPA1 ‘ Q JAK2 O O
Pethiabini-9 —— ceﬁ: : ) MPR Relapse MPR Relapse
3 Send inquiries to /layda.hasakiogullari@cellcarta.com
Figure 4: Bubble heatmap comparing all MHC Il (A) and MHC Il machinery (B) genes in MPR and relapse . . . .
post-treatment tumor groups. Bubble size represents the percentage of ROls showing gene expression, while with ASCO-MHC |l on bladder tumor in email SUbJeCt-

Figure 2: Composition chart illustrating the number of ROIs and their collection strategy based on the morphology
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